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STARTING UP A 
COMPANY

Starting a 
company is 
like staring 
into the abyss 
and eating 
glass.

— Elon Musk 
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38% Financial Issues

35% Lack of Market Need

20% Competition

19% Business Model

18% Legal Challenges

STARTUPS TEND TO FAIL

Numbers from the US. See https://www.forbes.com/advisor/business/software/startups-failure-rate/

1 year 20%

3 years 39%

5 years 50%

10 years 65%

because
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38% Financial Issues

35% Lack of Market Need

20% Competition

19% Business Model

18% Legal Challenges

STARTUPS TEND TO FAIL

Numbers from the US. See https://www.forbes.com/advisor/business/software/startups-failure-rate/

How do we 
de-risk 
these?
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Idea Prototyping Go-to-
market

Early 
Growth Growth Maturity

STAGES OF STARTING UP7



STAGES OF STARTING UP
Idea Prototyping Go-to-market Early Growth Growth Maturity
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WHICH STAGES YOU SEE

As an employee.

As a consultant.

As a founder.

As a founding employee (with equity).

Idea Prototyping Go-to-market Early Growth Growth Maturity

1—5 3—15 15—50 50—100 100—1000How big is the firm?
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Revenue Generating

THE FUNDING GAP

The funding gap.

Idea Prototyping Go-to-market Early Growth Growth Maturity

Pre-Revenue

- You spend money now hoping to make money later.
- It is an existential threat for all early-stage startups.
- To survive, startups must manage their runway, control 

their burn rate.
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Pre-Seed or F/F/F

INVESTMENT ROUNDS

Seed
Series A

Series B…
IPO

Where does your 
investment come 
from?

Idea Prototyping Go-to-market Early Growth Growth Maturity

Revenue GeneratingPre-Revenue

What do you trade for investment?
Equity – value and ownership of your company
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Pre-Seed or F/F/F: 10%

EQUITY IN A STARTUP

• You can dilute your share to nothing very easily.
• You can agree to innocuous terms that are very bad later.
• You are usually at an information disadvantage about external issues.

Seed: 20%
Series A: 25%

Series B…
IPO

Where does your 
investment come 
from?

How much equity do 
you give up?

Idea Prototyping Go-to-market Early Growth Growth Maturity
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Pre-Seed or F/F/F: 10%

EQUITY IN A STARTUP

What is the eventual aim of a founder?
Empire vs Exit

Seed: 20%
Series A: 25%

Series B…
IPO

Where does your 
investment come 
from?

How much equity do 
you give up?

Idea Prototyping Go-to-market Early Growth Growth Maturity
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Idea Prototyping Go-to-market Early Growth Growth Maturity

THE EXIT PLAN14



Sell IP Sell IP Sell IP IPO

Idea Prototyping Go-to-market Early Growth Growth Maturity

THE EXIT PLAN15



Sell IP Sell IP Sell IP IPO
Hired by 

competitor
Hired by 

competitor

Idea Prototyping Go-to-market Early Growth Growth Maturity

THE EXIT PLAN16



Sell IP Sell IP Sell IP IPO
Hired by 

competitor
Hired by 

competitor
Bought out 
by majority 

shareholders.

Bought out 
by majority 

shareholders.

Idea Prototyping Go-to-market Early Growth Growth Maturity

THE EXIT PLAN

Shotgun clause

(or Texas shootout clause)
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Sell IP Sell IP Sell IP IPO
Hired by 

competitor
Hired by 

competitor
Bought out 
by majority 

shareholders.

Bought out 
by majority 

shareholders.
M&A M&A M&A

Idea Prototyping Go-to-market Early Growth Growth Maturity

THE EXIT PLAN

“Distressed asset” sale
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Sell IP Sell IP Sell IP IPO
Hired by 

competitor
Hired by 

competitor
Bought out 
by majority 

shareholders.

Bought out 
by majority 

shareholders.
M&A M&A M&A

Dividends
Bought out 
by private 

equity.
“Tag-along” and “Drag-

along” clauses

Idea Prototyping Go-to-market Early Growth Growth Maturity

THE EXIT PLAN19



THE GREAT FILTERS

Validation

Is the problem 
worth solving?

Does it solve 
the problem?

Can you collect 
money?

Idea Prototyping Go-to-market Early Growth Growth Maturity
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THE GREAT FILTERS

Validation Customer 
Discovery

Is the problem 
worth solving?

Does it solve 
the problem?

Can you collect 
money?

Will someone 
actually pay?

Can someone 
pay for it?

(The M.A.N.)

Other than the 
product, what 
do you need?

Will your team 
fall apart?

Idea Prototyping Go-to-market Early Growth Growth Maturity
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THE GREAT FILTERS

Validation Customer 
Discovery

Product-
Market Fit

Is the problem 
worth solving?

Does it solve 
the problem?

Can you collect 
money?

Will someone 
actually pay?

Can someone 
pay for it?

(The M.A.N.)

Other than the 
product, what 
do you need?

Will your team 
fall apart?

Do enough 
people have the 

same problem 
to pay for it?

Are you able to 
consistently 

sell?

What minor 
changes can I 

make to sell 
more?

Idea Prototyping Go-to-market Early Growth Growth Maturity
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THE GREAT FILTERS

Validation Customer 
Discovery

Product-
Market Fit

Expanding 
Everything

Is the problem 
worth solving?

Does it solve 
the problem?

Can you collect 
money?

Will someone 
actually pay?

Can someone 
pay for it?

(The M.A.N.)

Other than the 
product, what 
do you need?

Will your team 
fall apart?

Do enough 
people have the 

same problem 
to pay for it?

Are you able to 
consistently 

sell?

What minor 
changes can I 

make to sell 
more?

How to build 
sales channels 

and marketing?

How to scale 
production, 

operations, and 
distribution?

How to set 
prices?

Idea Prototyping Go-to-market Early Growth Growth Maturity
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THE GREAT FILTERS

Validation Customer 
Discovery

Product-
Market Fit

Expanding 
Everything

Market 
Segments

Is the problem 
worth solving?

Does it solve 
the problem?

Can you collect 
money?

Will someone 
actually pay?

Can someone 
pay for it?

(The M.A.N.)

Other than the 
product, what 
do you need?

Will your team 
fall apart?

Do enough 
people have the 

same problem 
to pay for it?

Are you able to 
consistently 

sell?

What minor 
changes can I 

make to sell 
more?

How to build 
sales channels 

and marketing?

How to scale 
production, 

operations, and 
distribution?

How to set 
prices?

How to add new 
market 

segments?
(The bowling 
alley model)

Idea Prototyping Go-to-market Early Growth Growth Maturity
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THE GREAT FILTERS

Validation Customer 
Discovery

Product-
Market Fit

Expanding 
Everything

Market 
Segments

Defending 
Position

Is the problem 
worth solving?

Does it solve 
the problem?

Can you collect 
money?

Will someone 
actually pay?

Can someone 
pay for it?

(The M.A.N.)

Other than the 
product, what 
do you need?

Will your team 
fall apart?

Do enough 
people have the 

same problem 
to pay for it?

Are you able to 
consistently 

sell?

What minor 
changes can I 

make to sell 
more?

How to build 
sales channels 

and marketing?

How to scale 
production, 

operations, and 
distribution?

How to set 
prices?

How to add new 
market 

segments?
(The bowling 
alley model)

How to grow at 
CAGR?

How to avoid 
complacency?

How to defend 
against large 

players?

How not to be 
disrupted?

How to create 
shareholder 

value?

Idea Prototyping Go-to-market Early Growth Growth Maturity

25



CASE STUDIES
Intermission



CASE STUDIES

Success is a 
lousy teacher. 
It seduces 
smart people 
into thinking 
they can’t 
lose.” 

– Bill Gates
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FILTER:
IDEA
Is the problem worth solving?
Does your idea solve the 
problem?
Can you collect money for solving 
the problem?
Can you raise funds?
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FILTER: IDEA
JUICERO
Machine that presses pre-made 
juices out of mylar packaging. 
Sold machine for US$400, juice 
pack for $5—7.
DRM on juice pack so it would 
only squeeze original packs 
within their best-before date.

29



HOW DID 
THEY RAISE 
$120M? 
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FUNDRAISING
WHAT DO INVESTORS LOOK FOR?

Investors raise an investment fund from their customers and 
have 5—7 years to return the principal plus interest.

Institutional investors Investment Fund Startup
Pension funds Investment Fund Startup

Insurance companies Investment Fund Startup
University endowments Investment Fund Startup
Sovereign wealth funds Investment Fund Startup

Family offices Investment Fund Startup
High-net-worth individuals Investment Fund Startup

Principa
l Return
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FUNDRAISING
WHAT DO INVESTORS LOOK FOR?
• Investors are under constant pressure to choose
• 5—7 years to make a sufficient return.
• Competing with other investment funds for money and startups.

• Investors compete with other investors by
• better forecasting future value of startups
• de-risking key risks of their investments to increase value

• Investors specialize in a particular stage
• Risk tolerance, fund sizes, and stage-specific knowledge.
• Exit your company by selling to the next round of investors.
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FUNDRAISING
WHAT DO INVESTORS LOOK FOR?
• Investors generally optimize for what the next investor is 

looking for, not for eventual market success
• Prone to fads!

• Decisions are deeply uncertain
• Both reducible and irreducible uncertainty.
• Early-stage valuations vary considerably.

• There may even be no single “true” value.

• Early-stage investors have absurd risk tolerance, especially 
in technology / SaaS / AI
• Rule of thumb: 100  10 break-even  1 makes 100x return
• They are only interested in high-risk high-returns.

33



FUNDRAISING
WHAT DO INVESTORS LOOK FOR?
• Investors know the market better than you, but

you know your company better than them. 
• Importance of Due Diligence.
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FILTER:
CUSTOMER 
DISCOVERY
Will someone actually pay?
Can someone pay for it?
Other than the product, what do 
you need?
Will your team fall apart?
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Money
Authority

Need
Every company separates these along the 
corporate hierarchy.

You must sell the same product in different 
ways to different people.
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FILTER: CUSTOMER DISCOVERY
EXAMPLE: CHECKOUT CANDY
Something brightly coloured and full of 
sugar, next to the grocery store checkout. 
Kid is standing next to mom, looking from 
her to the candy and back.
• Money: Mom

• “This is cheap and convenient.”
• Authority: Mom

• “This will let you bribe your kid to be quiet 
and cooperative while you buy groceries.”

• Need: Child
• “CANDY CANDY CANDY CANDY CANDY…”
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FILTER: CUSTOMER DISCOVERY
EXAMPLE: DATABASE SOFTWARE
Database software for digital services company, $50k/yr. More 
expensive than the competition, but with better disaster recovery.
• Money: Division Head.

• “This will reduce the costs and delays associated with a disaster.”
• Authority: Division Head

• “This will satisfy your department’s database requirements.”
• “If there’s a disaster, your department will not be the last to recover.”

• Need: Software developer
• “This software follows standard interfaces, so it is easy to adapt to.”
• “This reduces the amount of software you have to write for disaster recovery.”
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FILTER: CUSTOMER DISCOVERY
EXAMPLE: SURGICAL IMAGING SYSTEM
Novel product for tracking of brain tumour boundaries for $350k, 
requested by Hospital Neurosurgery Department.
• Money: CFO.

• “This will reduce the costs associated with follow-up surgeries”
• Authority: Chief of Neurosurgery

• “This will improve your department’s performance numbers.”
• “This could be a huge marketing differentiator.”
• “This will bring your department up to par with other departments.”
• “This is the latest technology and will elevate your department’s status.”
• “You will become a thought-leader in brain tumour resection.”

• Need: Neurosurgeons and teams
• “This will improve reduce your complications rate.”
• “This will improve margin clearance and reduce unscheduled returns to OT.”
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FILTER: CUSTOMER DISCOVERY
MOORE’S TECHNOLOGY ADOPTION

https://commons.wikimedia.org/wiki/File:Technology-Adoption-Lifecycle.png

Number of 
Customers

Technology Adoption

Create the market.

Huge growth 
with lesser risk

Extract value from 
risk-averse 
institutions

Seize market 
leader position.

Leverage small 
differentiations 
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FILTER:
MATURITY
How to grow at CAGR?
How to avoid complacency?
How to defend against large 
players?
How not to be disrupted?
How to create shareholder value?
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FILTER: MATURITY
WHY DO WE CARE ABOUT CAGR?
• CAGR = “Compound Annual Growth Rate”
• Companies at maturity are collectively satisfying the total 

demand for the product in the entire market.
• To generate more value, they must:
• capture business from another company, or
• make new business

44



FILTER: MATURITY
WHY DO WE CARE ABOUT CAGR?

Companies are locked in an eternal arms race with each 
other to maximize value, and they judge how well they’re 
doing it by how they grow relative to CAGR.

45
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Capture Market Share Expand the Market



FILTER: MATURITY
INCUMBENTS GET DISRUPTED
• Google (by OpenAI)
• Yahoo (by Google)
• CompuServe, AOL, etc.

(by Yahoo)
• Blockbuster (by Netflix)
• Kodak (by digital photography)
• Nokia, Blackberry, Palm

(by Apple, Google)
• Encyclopaedia Britannica

(by Wikipedia)
• Toys R Us (by Amazon)

• Garmin/TomTom (by Google 
Maps)

• Sears (by Amazon)
• Skype (by Zoom)
• Yahoo Mail (by Gmail)

This is why mature companies 
invest in R&D and M&A.

46



WHAT IS AI?
Intermission



WHAT IS AI?

“We should be 
very careful 
about building 
something more 
intelligent than 
ourselves.”

– Geoffrey Hinton
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WHAT IS AI / SaaS?
• Artificial Intelligence (AI) describes a constructed system 

that mimics the abilities of human intelligence.
• Machine Learning (ML) is a subset of AI where the system 

learns from data and/or experience.
• Neural Networks (NNs) are a kind of ML model. Examples 

include LLMs, Diffusion Models, Transformers, etc.

• Software as a Service is a business model where you 
charge for access to software running on your 
infrastructure.
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50 ROUGH TAXONOMY OF AI

AI

Machine Learning

Supervised Learning

Unsupervised Learning

Reinforcement Learning

Natural Language Processing Large Language Models

Robotics

Computer Vision

Motion Planning

Data Science

Big Data

Causal Inference

Optimization Integer Programming

Data with labels

Data without labels

Interactively from an environment

Reading and writing human language

Infer state of the world from image input

From kinematic/dynamic equations

Large, heterogenous, semi-structured 
datasets

Estimate a dependency graph

Supply-chain problems



51 YOU CAN DEPLOY AI:
Internally
Used by employees.

• Efficiency
• “AI cost savings”
• Automation
• Orchestration
• Knowledge Base
• Inspection
• Paperwork, etc.

• Forecasting
• Demand planning
• Production planning

Customer-facing
Used in customer interaction 
outside the product.
• Chatbots
• Support
• Personalization
• Advertising
• Customer Relationship 

Management

Product-facing
Used in the product.

• Integral part of product
• Core function
• e.g. Medical Chatbot

• Value-add features
• Product differentiator
• Additional income 

source.
• e.g. Canva, Photoshop, 

Autodesk Fusion, 
Powerpoint



WHAT IS A NEURAL NETWORK?52

0.3
1.0
1.6
0.5
1.2

Input

0.3
0.6
0.1

Output

Math Math Math

“Flower”

0.1  0.5  0.6
0.4  0.3  0.6
1.5  0.2  0.9
0.3  1.3  1.1
0.6  0.7  0.0

0.4  0.3  0.6
0.1  0.5  0.6
1.5  0.2  0.9
0.6  0.7  0.0
0.3  1.3  1.1

1.5  0.2  0.9
0.1  0.5  0.6
0.6  0.7  0.0
0.3  1.3  1.1
0.4  0.3  0.6

Parameters Parameters Parameters

LayerLayer Layer



WHAT IS A NEURAL NETWORK?53

Math Math Math

0.1  0.5  0.6
0.4  0.3  0.6
1.5  0.2  0.9
0.3  1.3  1.1
0.6  0.7  0.0

0.4  0.3  0.6
0.1  0.5  0.6
1.5  0.2  0.9
0.6  0.7  0.0
0.3  1.3  1.1

1.5  0.2  0.9
0.1  0.5  0.6
0.6  0.7  0.0
0.3  1.3  1.1
0.4  0.3  0.6

Parameters Parameters Parameters

Network structure is designed by us and fixed.

Parameters are discovered from data iteratively.

1. Calculate the output for an example.
2. Tweak parameters to do better on that example.
3. Repeat quadrillions of times.

Parameters are opaque. 

They generally don’t map to 

human understanding.



# 
param

# data USD

Image Tasks

AlexNet (2012) 138M 1.28M 
images

$1,000

EfficientNet-B7 (2019) 66M ? images $12,000

Vision Transformer 
ViT-B/16 (2021)

86M 300M 
images

$50,000

ConvNeXt-Tiny (2022) 29M ? images ?

Large Language Models

GPT-4o (2024) 1.8T >300B words $78M

Gemini Ultra (2024) 1.5T 30T words $191M

DeepSeek-R1 (2025) 671B ? $6M

Pathology Models

UNI (2024) 86M 200M WSI ?

CONCH (2024) +110M 1.17 M pairs ?

H-optimus-0 1.1B 500K WSI ?

COST OF TRAINING A NN YOURSELF
 Data

Gathering, warehousing, cleaning data.
 Annotations

High-quality labels are expensive.
 GPUs

Capital intensive, quickly outdated, power 
and cooling hungry.

 Expertise
 Tuning

Models are trained many, many times to 
optimize hyperparameters.

Trained AI Models are CAPEX!
( Just like any other equipment, it can be 

rented or leased.)
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YOU CAN CHEAPLY MODIFY NNs
Instead of training from scratch, 
you can license a foundation model 
and:
 Task adaptation

Change from one task to another.
 Input distribution adaptation

Make unfamiliar input data look familiar.
 Distillation

Training a smaller, faster model from a 
larger, slower one.

 Sensitivity vs. Specificity 
tuning
Trading off between false-positives and 
false-negatives.

…and many more!

Foundation model
trained on 

different data for 
a different task

1.1B param
500k images

Custom final 
layer for our own 

task

1.5k param
3.6k images

Input 
Adaptation

Bu
si

ne
ss

 O
ut

pu
t
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56 YOU CAN AUGMENT LLMs
Instructing an LLM is prompt engineering. In 
addition to a good prompt, you can equip 
your LLM with:
 Retrieval-Augmented Generation

Reference a database before generating a response. 
(e.g., search relevant knowledgebase articles during a 
conversation.)

 Context Injection
Add user-specific information to the context of a 
request.
(e.g., user’s pending orders, if any.)

 (Semi-)Structured Output
Produce action buttons or custom user interface in 
addition to text output.

 API/Function Calling
Use specific tools as appropriate.
(e.g., allow a user to place an order.)

 Agentic Workflow
AI can call itself in a semi-structured manner.

 Guardrails
Limit output to prevent incorrect or inappropriate 
output. (e.g. Chatbot for a doctor’s office shouldn’t 
give medical advice.)

 Model Stacking/Escalation
Switch to a cheaper or more expensive model 
depending on the complexity of the task.

-- Expensive --

 Reinforcement Learning from Human 
Feedback
Use user data to guide an LLM to producing better 
output for your task. Used to train foundation models.

 Fine-Tuning
Training an already-trained model further on your 
specific data.



57
AUGMENTING LLMS
BASELINE

OutputLLM

Input
Prompt
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AUGMENTING LLMS
RETRIEVAL-AUGMENTED GENERATION
Related data from a database is added to the LLM input.

OutputLLM

Input
Prompt

Database
Related
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AUGMENTING LLMS
GUARDRAILS
Filters/LLMs with an off switch to supervise the output of 
your main LLM.

OutputLLM

Input
Prompt

Supervisor 
LLM Word 

Filter

STOP



60
AUGMENTING LLMS
MODEL STACKING / ESCALATION

OutputSmall
LLM

Input
Prompt

Big
LLM

esca
late

esca
late

LLMs can choose to either provide a response or escalate.
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AUGMENTING LLMS
AGENTIC WORKFLOW
LLMs can use external resources including additional LLMs.

OutputLLM

Input
Prompt

LLM



SPECIFICS OF AI & SaaS 
STARTUPS

Intermission



SPECIFICS OF
AI & SaaS 
STARTUPS

Civilization rests 
on the fact that 
we all benefit 
from knowledge 
which we do not 
possess.

– Friedrich Hayek
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You may have 
MBA STUDENT DISEASE if
…you believe that “business is business”, 

regardless of scale, geography, or sector.
…you make every decision using a 

framework, or by NPV/IRR.
…you immediately find a decision where 

domain experts are obviously wrong.
…you use words like synergy, disruption, and 

scalability without being specific.
…you prioritize quick wins and next-quarter 

finances over long-term success.
…you think IT, Security, and R&D are 

“overheads.”

The Cure:
1. Before changing something, be able to 

articulate why it was in the first place.
2. Understand the specific details of your 

technology or market and the trade-
offs it imposes on your business.

3. Understand the specific needs of your 
customers and why they come to your 
product. Test this often.

4. Document your understanding and 
decision-making and revisit it often.
Things in retrospect look very different than in 
prospect. 

5. Recognize that, quite often, the most 
valuable assets in a company are 
intangible and difficult to measure.

Chesterton’s
Fence
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HOW TO USE AI IN BUSINESS65

Business

Computational

Problem
Which website 
users will buy?

Actionable Policy
Email coupons to 

specific users.

Problem
Predict likelihood 

to buy from 
website traces.

AI Solution
Given data, 

predicts odds that 
user will buy.

Modeling Actioning

+ Time
+ Money
+ Data



HOW NOT TO USE AI IN BUSINESS66

Business

Computational

Problem
Which website 
users will buy?

Actionable Policy
Email coupons to 

specific users.

Problem
Predict likelihood 

to buy from 
website traces.

AI Solution
Given data, 

predicts odds that 
user will buy.

+ Time
+ Money
+ Data

Modeling Actioning

Garbage in, garbage out.

Website doesn’t 
work in Chrome.

Email coupons to 
non-Chrome users.



67
GENERAL PRINCIPLES
AI ADOPTION
Well-defined modeling and actioning
• Translate Business  Math
• Well-defined business question and action
• Well-defined (and realistic) success metric.
• Matches the available data.

Institutional Buy-in
• Measure ROI
• Buy-in from management
• Link to business KPI
• Data and model as business assets
• Funding to maintaining data pipeline

• Buy-in from users
• User-friendliness
• Explainability of model output
• Carefully choose which decisions to make, 

and which to leave to users
• Regulations (privacy and security)
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GENERAL PRINCIPLES
AI ADOPTION
Data pipeline
• Access to good quality and sufficient data.
• Continuously collect data in the normal 

course of business.
• Model drift: models degrade in quality over 

time as the world slowly changes.
• Infrastructure
• Data cleaning
• Warehousing
• Sunsetting

• Compliance



69
GENERAL PRINCIPLES
BUILDING AN AI PRODUCT
Engineering Practice
• Engineering management
• Documented design decisions
• Deterministic builds
• Dependency management

• Data management
• Train/Val/Test split
• Ingestion / Retirement policy

• Performance monitoring
• Data/Model drift monitoring
• Resource use monitoring
• Latency monitoring
• Cost monitoring

• SaaS engineering considerations
• Scaling
• A/B Testing and Rollouts

Risk Management
• Customer-facing
• Guardrails
• Chatbot information leak

(e.g., “total expenditure” on a CS skins website)
• Escalation pipeline

(to a more advanced AI or eventually a human)

Don’t implement all these 
immediately! Make good engineering 
decisions now so you can implement them 
easily later.

…and many more



SPECIFIC
DANGERS

70

Moat
Platform Risk
Unexpected Behaviour
AI Model Subsidy

…and many, many more!



DANGER OF
LACK OF DEFENSIBLE MOAT71

You must protect your startup from being 
cloned/cannibalized. This may be:
• innovation barrier for technology,
• IP barrier for patents or secrets,
•network effects for a user base that attracts 
other users, etc.
• trust or regulatory compliance, for high-risk 
industries.

Without this moat, you may fail through:
•ecosystem cannibalization,
•cloning,
•outpaced by tech advances, etc.

What’s their moat?



DANGER OF
PLATFORM RISK AND VENDOR LOCK-IN72

Vendors provide a differentiated service; 
relying on these differentiations builds 
technological dependence.
Once you’re locked in, you are at the whim of 
the platform, including:
•price/billing changes (especially at scale),
•changes to long-term strategy,
•changes to technology,
•downtime, etc.

Some platforms use open-source as a 
defensive and offensive manoeuvre.
Defensively building a startup against open-
source services costs more, but this is not 
always possible.

Twitter (now X) restricted API access in 2023, 
wiping out social analytics and bot startups.
AWS banned Parler in 2021, forcing the company to 
move to another hosting service overnight.
AWS S3 outage in 2017, affecting Slack uploads, 
Trello, and Quora.
ChatGPT launched free, undercutting Jasper AI's 
automated marketing tools.
LinkedIn blocked hiQ Labs' profile-scraping, 
eventually killing off the company.
Zoom outages in 2020 disrupted many SaaS tools 
relying on its APIs for video integration.
Google Maps API price hike in 2018 hurt fitness 
apps, travel services, and real estate platforms.
Facebook deprioritized game notifications, 
collapsing Zynga's user growth.

…and many more!



DANGER OF
UNEXPECTED BEHAVIOUR73

Chat between Jason Lemkin and 
Replit.AI’s vibe coding tool.
The AI deleted the production 
database, against all 
instructions.

"This is catastrophic 
beyond measure“

Replit.AI introduced new 
automated backups and one-
click rollbacks.
AI agents are fallible, treat 
them as such.



DANGER OF
UNEXPECTED BEHAVIOUR74

Chevy dealership bot 
sells a brand-new car 
for $1.

LLMs are very credulous and can 
be easily jailbroken (or made to 
leak proprietary information)
They lack a theory of mind.



DANGER OF
AI MODEL SUBSIDY75

OpenAI is on track to make $20B 
revenue in 2025 but is unprofitable. 

Why?
AI providers are competing for market 
leader position by subsidizing access.
AI companies have access to VC money 
buoyed by a market bubble.
This allows for doomed companies with 
unprofitable business models to 
continue existing… for now.

Build your startup to tolerate vastly 
greater prices for AI. (Especially LLMs)



IN SUMMARY

76 I have made this 
letter longer than 
usual, because I 
have not had 
time to make it 
shorter.

– Blaise Pascal



WHEN WORKING ON AI
• You must have more than just AI
• Don’t be a “LLM-Wrapper”
• Expect increasing cost and aggressive competition

• Models are capital expenditures.
• Expensive, Depreciate, Need data and maintenance
• Carefully consider renting

• Institutional buy-in
• Risk surface is greatly amplified – manage it well
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WHEN WORKING IN A STARTUP
• You must be exploiting some comparative advantage.
• Protect your advantage
• Legally through IP laws, Secrets, etc.

• Talk to as many people as possible, especially customers.
• Makes up for information disadvantage.
• Correlate what people say.

• Observe your customers solving their problem
• Both with and without your product.
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WHEN WORKING IN A BIG COMPANY
• Every big company you see was once a startup.
• Some decisions made as a startup remain with a company.
• Software architecture, regulatory pathway, business model.
• What is obvious retrospectively is not obvious prospectively.

• Business relationships are enduring.
• Market Position is a game played with others.
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WHICH STAGES YOU SEE

As an employee.

As a consultant.

As an entrepreneur.

As a founding employee (with equity).

Idea Prototyping Go-to-market Early Growth Growth Maturity
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SHOULD I 
BUILD A 
STARTUP?

Fixing What’s Broken – Seeing 
a problem in the world and 
believing you can solve it.

Freedom – Choosing what to 
work on and how to do it.

Challenge – Facing new 
problems every day and 
growing through them.

Impact – Knowing that if it 
works, life improves for many.

Responsibility – Owning the 
decisions that shape the future.

Adventure – Forging a path 
where none existed before.

SO, AFTER ALL THIS.

KNOWING THE DANGERS, 
PITFALLS, AND TRAPS.

AT THE COST OF TIME, 
COMFORT, SECURITY, YOUTH, 
AND OTHER OPPORTUNITIES.
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THANK YOU!
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Recommended reading
Lecture video
Follow me on LinkedIn.
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